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Table 1: Acoustic properties observed in normal N, Lombard L, and extrapolated Lombard L-E voices.

Voice speech (secs.) pauses (secs.) FO(Hz) spectral tilt (dB/octave)
Natural speech
Normal 2.06 - 107.1 -2.02
Lombard 2.32 - 136.8 -1.73
Text-to-speech
Normal (N) 2:11 0.16 104.5 -2.09
Lombard (L) 2.80 0.19 145.0 -1.59
Lombard extrapolated (L-E) 3.05 0.20 144.8 -1.50
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“Vocal Terror” [BBC 2007]

EEE NEWS

Scientists warn of 'vocal terror'

By Liz Seward
Science reporter, York

Computers could mimic human speech so perfectly that vocal terrorism could be a new
threat in 10-15 years' time, scientists suggest.

In the future, it may be possible to mimic someone's voice exactly after recording just one sentence.

Such technologies would pose a danger if it were not possible to verify who was speaking,
researchers believe.

Scientists were predicting the future at the British Association (BA) Festival of Science in York.

Dr David Howard from the University of York said: "The reason things are changing is because no
longer are we using an acoustic model proposed in the 1950s."

" It's not scaremongering; it's trying to say to people, 'we have to think
about these things' "
David Howard

New methods of creating computerised speech use models of a vocal tract to create a realistic
sound, replacing the existing technique of copying sounds.
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