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arXiv.org > stat > arXiv:1610.02920

Statistics > Machine Learning Learning in implicit generative models
. . . . . . S Mohamed, B Lakshminarayanan - arXiv preprint ar¥iv.1610.03483
Generative Adversarial Nets from a Density Ratio Estimation Generative adversarial networks (GANs) provide an algorithmic frame
Perspective generative models with several appealing properties: they do not requi
function to be specified, only a generating procedure; they provide san
Masatoshi Uehara, Issei Sato, Masahiro Suzuki, Kotaro Nakayama, Yutaka Matsuo ir U9 sF|Hmes MEELE 9
(Submitted on 10 Oct 2016 (v1), last revised 9 Nov 2016 (this version, v2)) arXiv.org > stat > arXiv:1610.03483v1

Generative adversarial nets fro
M Uehara, | Sato, M Suzuki, K Nakayama...
Generative adversarial networks (GANs) are
based on a two-player minimax game. Howeve
original motivation is changed to obtain stronger

Yr Y alFm23 MEEE

ensity ratio estimation per
iv preprint arXiv ..., 2016 - aniv.
ssful deep generative models.

objective function derived int L@Arning in Implicit Generative Models

ients when learning the gene

Statistics > Machine Learning

Shakir Mohamed, Balaji Lakshminarayanan

(Submitted on 11 Oct 2016 (this version), latest version 27 Feb 2017 (v4))

Learning in Implicit Generative Models

Shakir Mohamed and Balaji Lakshminarayanan
Google DeepMind, London
{shakir, balajiln}@google.com

Abstract

Generative adversarial networks (GANs) provide an algorithmic framework for

rongtmirtine oenerative modele with eeveral sonealine aronertiee thew Ao nnt

EH 5 conferenceim 3 IC
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72; 2 T 72; L N J: D) o aI’XIVaHH [38] M. Uehara, I. Sato, M. Suzuki, K. Nakayama, and Y. Matsuo. Generative adversarial nets from
N -, a density ratio estimation perspective. arXiv preprint arXiv, 1610.02920, 2016,
jz 7]\ Ej:_ﬁl_crte é *LT \/ N % o [39] I Zhao, M. Mathicu, and Y. LeCun. Energy-based generative adversanal network, arXiv

preprint arXiv: 1609.03126,2016.
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e Open Access and arXiv

e But we have just learned that by far the most successful repository of
open access papers in our subject, the arXiv, is to be disallowed. ..
Apparently the reason they gives is that there is no mechanism for
linking a paper on the arXiv with the published version of the paper.

https://cameroncounts.wordpress.com/2018/07/29/open-access-and-
the-arxiv/
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THE PREPRINT SERVER FOR BIOLOGY

bioRxiv

CITATION

Preprints deposited in bioRxiv can be cited using their digital

d DOI object identifier (doi).
e bioRxivH © S v —FILND E?%?ﬁﬁ% ?;sﬁied,:trgrl :;Tﬁi:iir BT. 2013. My article title.
« HiRbRE DEENY > 7

DIRECT TRANSFER FROM BIORXIV TO JOURNALS
OR PEER REVIEW SERVICES (B2J)

bioRxiv can save authors time in submitting papers to journals
or peer review services by transmitting their manuscript files
and metadata directly from bioRxiv. This means authors do
not have to spend time re-loading manuscript files and re-
entering author information at the journal or peer review
service website. Partners currently participating in B2] are
listed below (scroll to view full list).

PUBLICATION Acta Crystallographica Section D
bioRxiv will usually automatically add a link to the published American Journal of Human Genetics
version within several weeks of journal publication. On Antimicrobial Agents and Chemotherapy

occasion a match is not made because the title or authors

] ] ] Applied and Environmental Microbiology
have changed or due to other contingencies. Please wait 2-3
weeks before contacting bioRxiv staff should the link not Autoimmunity Highlights

appear. Biochemical Journal
Biology Open

Biophysical Journal

https://www.biorxiv.org/submit-a-manuscript
https://www.biorxiv.org/submit-a-manuscript
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= First Look
Journal of Web Sem

Search Results Q. search Within

The Journal of Web Semantics is an interdisciplinary journal based on research
and applications of various subject areas that contribute to the development of a
knowledge-intensive and intelligent service Web. These areas include: knowledge
technologies, ontology, agents, databases and the semantic grid, obviously
disciplines like information retrieval, language technology, human-computer
interaction and knowledge discovery are of major relevance as well. All aspects of
the Semantic Web development are covered. The publication of large-scale
experiments and their analysis is also encouraged to clearly illustrate scenarios
and methods that introduce semantics into existing Web interfaces, contents and
services. The journal emphasizes the publication of papers that combine theories,
methods and experiments from different subject areas in order to deliver

innovative semantic methods and applications.

Link to this page | Subscribe to this eJournal (requires login)

Filter by Journal v

Create account |

421
Papers

Receive Alerts

Journal of Web
Semantics First Look

All Journals (421)

JW'S: Agents (8)

JWS: Databases & the Semantic
Grid (32)

JW5: Human-Computer
Interaction (4)

JWS: Information Retrieval (25)
JWS: Interdisciplinary Semantic
Methods & Applications (35)
JWS: Knowledge Discovery (2)
JWS: Knowledge Technologies
(37)

JWS: Language Technology (20)
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Learning Distributed Representations of Texts and Entities from

Knowledge Base

lkuya Yamada, Hiroyuki Shindo, Hideaki Takeda, Yoshiyasu Takefuji
{Submitted on 6 May 2017 {v1), last revised 7 Nov 2017 (this version, v3))

We describe a neural network model that jointly learns distributed representations of texts and knowledge base
(KB) entities. Given a text in the KB, we train our proposed model to predict entities that are relevant to the text.
Our model is designed to be generic with the ability to address various NLP tasks with ease. We train the model
using a large corpus of texts and their entity annotations extracted from Wikipedia. We evaluated the model on
three important NLP tasks (i.e., sentence textual similarity, entity linking, and factoid question answering)
involving both unsupervised and supervised settings. As a result, we achieved state-of-the-art results on all
three of these tasks. Our code and trained models are publicly available for further academic research.

Subjects: Computation and Language (cs.CL); Neural and Evolutionary Computing {cs.NE)
Journal reference: Transactions of the Association for Computational Linguistics, 5 (2017}, 397-411

Cite as: arXiv:1705.02494 [cs.CL]

(or arXiv:1705.02494v3 [cs.CL] for this version)
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