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Video Salient Object Detection Using Spatiotemporal Deep Features
Trung—Nghia Le (SOKENDAI)
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Background
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Introduction
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SOD from video is important for computer vision and multimedia
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Contribution
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Exploiting temporal information in both deep feature and

saliency model
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Proposing spatiotemporal deep feature

S

ZRB L,

1LVf= STCRF ET JLZBIH

Developing SpatioTemporal Conditional Random Field (STCRF)
model using spatiotemporal deep features

Proposed method
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Spatiotemporal Conditional Random Field

Pipeline at a single scale
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Experiments
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Comparision with State-of-the-art Methods

Dataset 10-Clips  SegTrack2 DAVIS

Metric F-Adap F-Adap F-Adap

STCRF (Our method) 0.927 0.817 0.794
LD [T.Liu, PAMI 2011] 0.637 0.286 0.252
LGFOGR [W.Wang, TIP 2015] 0.629 0.500 0.537
RST [T.N.Le, PSIVT 2015] 0.827 0.510 0.627
SAG [W.Wang, CVPR 2015] 0.755 0.504 0.494
STS [F.Zhou, CVPR 2014] 0.591 0.471 0.379
DCL [G.Li, CVPR 2016] 0.935 0.734 0.664
DHS [N.Liu, CVPR 2016] 0.923 0.733 0.715
ELD [G.Lee, CVPR 2016] 0.893 0.611 0.572

Detail Analysis

Setting Description 10-Clips SegTrack2 DAVIS

Feature Refinement| F-Adap F-Adap F-Adap
Local 0.868 0.590 0.600
STF 0.887 0.658 0.650
STF CRF 0.916 0.789 0.763
STF STCRF 0.927 0.817 0.794
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