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The desolate tree-lined street has
been transformed into a bustling
residential neighborhood with
houses and parked cars.
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Dataset Name Lang Text Genre Geo-DB #Men  Facility Nominal
LGL Corpus (Lieberman et al., 2010) en News GeoNames 4 8K X X
TR-News (Kamalloo and Rafiei, 2018) en News GeoNames 1.3K X X
GeoVirus (Gritta et al., 2018) en News Wikipedia 2.2K X X
GeoWebNews (Gritta et al., 2020) en News GeoNames 2.7K A v
SemEval-2019 T12 (Weissenbacher et al., 2019) en Science GeoNames 8.4K X X
CLDW (Rayson et al., 2017) en Historical Unlock 3.7K A X
GeoCorpora (Wallgriin et al., 2018) en  Microblog  GeoNames 3.0K A X
LRE Corpus (Matsuda et al., 2017) ja Microblog  ISJ & Orig. 1.0K A v
ATD-MCL (Ours) ja Travelogue OSM 12.3K v v

Table 10 in [Higashiyama+ 2024]
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Dataset Name Lang Text Genre Geo-DB #Men | Facilityy Nominal
LGL Corpus (Lieberman et al., 2010) en News GeoNames 4 8K X X
TR-News (Kamalloo and Rafiei, 2018) en News GeoNames 1.3K X X
GeoVirus (Gritta et al., 2018) en News Wikipedia 2.2K X X
GeoWebNews (Gritta et al., 2020) en News GeoNames 2.7K A v
SemEval-2019 T12 (Weissenbacher et al., 2019) en Science GeoNames 8.4K X X
CLDW (Rayson et al., 2017) en Historical Unlock 3.7K A X
GeoCorpora (Wallgriin et al., 2018) en  Microblog  GeoNames 3.0K A X
LRE Corpus (Matsuda et al., 2017) ja Microblog  ISJ & Orig. 1.0K A v
ATD-MCL (Ours) ja Travelogue | OSM 12.3K v v
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LGL Corpus (Lieberman et al., 2010) en News GeoNames 4 8K X X
TR-News (Kamalloo and Rafiei, 2018) en News GeoNames 1.3K X X
GeoVirus (Gritta et al., 2018) en News Wikipedia 2.2K X X
GeoWebNews (Gritta et al., 2020) en News GeoNames 2.7K A v
SemEval-2019 T12 (Weissenbacher et al., 2019) en Science GeoNames 8.4K X X
CLDW (Rayson et al., 2017) en Historical Unlock 3.7K A X
GeoCorpora (Wallgriin et al., 2018) en  Microblog  GeoNames 3.0K A X
LRE Corpus (Matsuda et al., 2017) ja Microblog  ISJ & Orig. 1.0K A v
ATD-MCL (Ours) ja Travelogue OSM 12.3K v v
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Graph-Structured Trajectory Extraction from Travelogues
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ATD-MCL (¥ #/x—=2 > 7)
ATD-VS0 (GEfZ 7 7)

https://github.com/naist-nlp/atd-mcl

Coming soon!

ATD MCI_ OverseaS (\/j—/\_\//7/ﬂ§*ﬁ :IE ) https://github.com/naist-nlp/atd-mcl-overseas
ATD- Para(ﬁi)(ﬂ&; Nk T — %) Coming soon!
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https://huggingface.co/naist-nlp/mluke-large-lite—-finetuned-atd

https: colab.research.google.com/drive/1BI2hxfOzxyvT7/mET80zJ7/RbF7zFCvgSEo?2usp=sharing

Coming soon!

Coming soon!
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Visit Status Prediction (Mention Level)
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Visit Visit
from Nara Station
Visit _ Visit
and walked a bit to|Todaiji Temple from [there!:

Visit
The Great Buddha Hall was majestic!

Visit Status Prediction (Entity Level)

Visit Others

Nara City, Kyoto City, Kyoto Station, Nara Station, Kyoto Tower
Todaiji Temple, Great Buddha Hall

- Visiting Order Prediction

Inclusion
Transition
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