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CVonline: Image Databases kaggl

Our Team Careers Terms Privacy Contact/Support

Index by Topic

. Action Databases

Attnibute recognition

Auionomous Driving

. Biological/Medical

Camera calibration

Face and Eve/Tris Databases

Fingerprints

. General Images

. General RGBD and depth datasets

. General Videos

. Hand. Hand Grasp. Hand Action and Gesture Databases

. Image. Video and Shape Database Retrieval

. Object Databases

. People (static), human body pose

. People Detection and Tracking Databases (See also Surveillance)
. Remote Sensing

. Scene or Place Segmentation or Classification

. Segmentation

. Simultaneous Localization and Mapping —_— —_— —_—
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_ Utrban Datazets Climb the world's most Explore and analyze a Run code in the cloud
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Miscellaneous Topics leaderboards public datasets feedback on your work

Your Home for’
Data SmenceQ

Kaggle helps you learn, work, and play% 3\
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Another helpful site is the YACVID page.
670 datasets

http://homepages.inf.ed.ac.uk/rbf/CVonline/Imagedbase.htm https://www.kaggle.com/
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